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ABSTRACT

Limited number of KRI and provided by the state budget and the needs of Homeland Security
resulted in the territorial sea to the demands of thinking about optimizing the assignment of patrol
boats in the sector OPSKAMLA and placement into the base of supporters, taking into account the
ship type, speed, radar range, sailing abilities (endurance) and Human Resources so that the
obtained results of the optimization of the composition of the assignment of 27 patrol boats to the
7 sectors ARMATIM KAMILA operations by maximizing the coverage area and minimize
operational costs. Genetic Algorithm (GA) is a searching algorithm , based on the workings
through the mechanism of natural selection and genetics. GA is not the result of the global
optimum technique but it is not easily trapped in local optimum.

From the results of optimization with GA conducted on a variety of crossover and mutation
probability, which is conducted on populations 10-100, 10,000 and 500 generations, there are
some of the best fitness value. Having done some experiments with different values obtained the
best result so obtained acceptable results. One of the best results is a probability of crossover 60%
and mutation 0.1%, showed a wide coverage area, 942, 929 Mil? and operating costs IDR 2, 853,
447, 000, thus the optimization model is able to save the State Budget of approximately 48% of the
purse budget IDR. 5 million.

Keywords:Genetic Algorithms, Coverage Area, Minimum Cost

INTRODUCTION

Republic of Indonesia is a country that has the largest area is the island with the sea and the rest is a
vast area of land consisting of pooled with cluster of islands that Indonesia should consequently be
able to control and secure all of its ocean territory in accordance with the provisions of the United
Nations Convention On The Law Of The Sea (UNCLOS, 1982) (Subroto S, Wahyono, 1983). Given
Indonesia as an archipelagic nation with 17 499 islands and vast ocean that reaches 5.8 million km’, a
coastline of approximately 81,000 km and covering a land area of 2.2, million km and a cross position
located between two continents and two oceans, allowing the vulnerability of such violations, taking
property without the permission of the sea, smuggling, piracy and sabotage (Hamzah, 1984). The
number of cases of violation of a violation of territory by a foreign country ships, illegal fishing and
illegal logging that occurred in Indonesia showed that the territorial sea area of Indonesia has not fully
covered by warships of the Republic of Indonesia (Ariansyah, Achmad, 2008).

As a major component of national defense at sea, the TNI-AL shall carry out the policy of national
defense, namely: maintaining state sovereignty and territorial integrity, protecting the honor and safety
of the nation, carrying out military operations. TNI-AL base as one integral component of the SSAT is
spearheading force in carrying out the task of supporting the operation of KRI. The role of the TNI-AL
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base as the development of naval forces to the area of operations or "position deployment forces" will
have significance in supporting task force operations as the TNI-AL NKRI security operations at sea.

Limited number of KRI and provided by the state budget and the demands of NKRI Security on the
assignment of marine vessels in the sectors of Maritime Security Operations (MSO) to lead the eastern
region of the demands of thinking about the distribution of the optimum assignment of patrol boats, so
the exact type and the number and selection of the appropriate base which will be developed as a
major base in the sectors of security in security operations north eastern region (Ariansyah, Achmad,
2008).

MATERIALS AND METHODS
Intelligent Control

Intelligent control is a discipline in which the control method was developed to emulate the
characteristics - an important characteristic of human intelligence. Characteristics include adaptability
and learning, with planning under situations of high uncertainty (planning under large uncertainly) and
the ability to handle huge amounts of data (Kuswadi, 2007).

Characteristic that distinguishes Intelligent System with other systems are:
a) Able to act appropriately in an uncertain environment system.
b) Least able to detect the environment and can make decisions and control.

¢) With a higher level, may have the ability to recognize an object and event, presents a model of
knowledge in the world as well as provide proper reasons about future planning.

d) More sophisticated then the system will be able to feel and understand, and choose something
wisely, and act in a successful despite many changes in the environment, so the system is capable
of self-reliance

Genetic Algorithm (GA)

Genetic algorithm as a branch of Evolutionary Algorithms are adaptive methods used to solve a search
value in an optimization problem. The algorithm is based on the genetic processes that exist in living
things, namely the development of generation in a natural population, were gradually following the
principle of natural selection or "who is strong, he is to survive (survive)." By mimicking the theory of
evolution, the Genetic Algorithm can be used to find solutions to problems-problems in the real world
(Michalewics Z, 1996).

High defense of the individual providing the opportunity to reproduce through cross-breeding with
other individuals in the population. The new individuals are generated in this case is called heredity,
which carries some properties of its parent. While individuals in the population who are not selected in
the reproduction will die by itself. In this way, several generations with good characteristics will
emerge in the population, to then be mixed and exchanged with other characters. With a growing
number of individuals to marry, the more likely it will be the best that can be obtained.

Before the GA can be executed, then an appropriate code (representative) for the problem to be
designed. This is a point solution for the problem space is encoded in the form of chromo some
consisting of the smallest genetic component genes. With the theory of evolution and theories of
genetics, in the application of GAwill involve some operators are:

1. The evolution operator involving the selection process (selection) in it.
2. Genetic operators that involve the crossing operator (crossover) and mutation (mutation).

To check the results of the optimization, we need a fitness function, which indicates an overview of
results (solutions) that have been encoded. During walking, the parent should be used for
reproduction, crossover and mutation to create offspring. If properly designed GA, the population will
experience convergence and we will get an optimum solution.
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Covering Set Methods

The concept of Set Covering Methods is intended to minimize the number of hub ports / bases are
needed to serve / cover other bases. Selected bases will provide cover / service on the ship to the other
bases. So that will minimize the number of hub ports / bases that ultimately would save the budget as a
base selected will be developed as the main base for supporting marine security operations.

Set covering up to a system that has provided each consumer can be reached by at least one facility
(Huragu, 1999). Set covering is a way of determining the lowest cost of placing a facility in which
each demand node can be reached by at least one facility (Daskin, 1995). From the second definition
above, the general set covering can be interpreted as the choice of location of the existing alternatives
in order to minimize all factors that affect the restriction that each demand can be reached by the
selected location.

Set covering problem is to place the facilities in the minimum amount necessary to cover all locations
to demand or if the research is put KRI bases in the minimum amount to cover the existing patrol
sectors. The parameters used in the set covering location model in the form of distance and location of
the base operating sectors KRI which is formulated to minimize the number of bases, as follows:

n
MINIMIZE g (2.1)
jelJ
n
SUBJECT TOXjE}VIe 12.2)
jeNi
Xie{0,1} Vijel 2.3)

The objective function (2.1) to minimize the number of bases (Xj) are placed. The barrier function
(2.2) ensures that every sector of the patrol on the cover by at least one base.
Variables of decision (2.3) is a decision "Yes" or "No" is selected as a base cover at other bases in the
sector.

Transport Model

Transport model is to determine the transportation plan a number of goods from source to destination.
The data model includes the needs and budgets that will be used, the purpose of transportation is to
determine the amount of goods to be sent and which tools are used so that the cost minimum.

In other words transport models attempt to determine what transportation plans a number of items
from a source to a destination which includes:

1. Level of supply from each source and the number of requests in each destination.
2. Transportation cost per unit of goods from any source to any destination.

The following figure shows a transport model of a network with m sources and n destinations. The
number of deals in resource i is m and the number of requests in the destination j is n. While the unit
cost of transport between source i and destination j is the Cj

Source i Destination j

Cij, Xij

Suplly Unit Demand Unit
Figure 1.Transport Model

Copyright © 2012 SAVAP International www.journals.savap.org.pk
www.savap.org.pk 19



ISSN-L: 2223-9553, ISSN: 2223-9944
Academic Research International Vol. 2, No. 3, May 2012

Figure 1shows a transport model of a network with m sources and n destinations. Unit cost of transport
between source i and destination j is Cj;, assuming Xj; is the number of goods shipped from source i to
destination j, then:

m n
Maksimize Z 7= Cij Xjj 2.4)

i=1  j=l1

m
Z Xij<ai i=1,2,...m (source) (2.5)
i=l

n
; Xij<bj j=1,2,...n (destination) (2.6)

Xj 2j

Marine Safety Operations (MSO)

MSO is the presence of daily operations at sea that have strategic value for the existence of the nation's
sovereignty and maritime security in the national jurisdiction of Indonesia. MSO carried out by the
patrol vessels TNI AL (Patrolling Forces). MSO aims to prevent, deter and secure a sea of Indonesia's
national jurisdiction of offenses and crimes at sea in the form of piracy, illegal logging, illegal fishing
by foreign vessels and other marine natural resources. MSO conducted by KRI in the form:

a. MSO throughout the year are carried by ships of the TNI- AL routinely patrol the MSO sectors.

b. Special operations are conducted by the TNI-AL Operational Command integrated with the
operating area, time and target specific operations. MSO in the eastern region NKRI carried by
ships TNI AL patrol in the eastern fleet throughout the year.

HOW TO RESEARCH
Genetic Algorithm (GA)

Genetic algorithm is a search algorithm based on the workings through the mechanism of natural
selection and genetics. The goal is to determine the structures of the so-called high-quality individuals
in a domain called the population to obtain the solution of a problem. John Holland developed the
genetic algorithm through an iterative procedure to adjust the population of individuals who are
potential solutions.

Genetic algorithm is different from a conventional search algorithm because it starts with an initial set
of known populations. Each individual in the population is called chromosome. Chromosome is
defined as a string of symbols, usually a single bit . Genetic algorithms use two basic principles of
biological systems, namely:

a. Selection of species (evolution)
b. Increased diversity (genes with genetic operations)

Evolution is a process or a continuous change toward a perfection or balance. In the presence of
species that have a fitness value (the level of compatibility with the environment), then the selection is
based on its fitness value.

Genes are important properties to be brought by the next generation. Genes can be operated to obtain
genetic diversity through the process of reproduction, crossover, and mutation. Selection occurs in
every generation, while the increase in diversity occurred in each new generation.

Thus, the basic idea is to maintain the structure of the genetic algorithm or set of species populations
that maintain the structure of populations or set of species representing a candidate solution of a
problem. By using or utilizing the properties - the properties of biological systems, genetic algorithms
can provide satisfactory results in the optimization process. Genetic Algorithm Cycle is shown in
figure 2.

Copyright © 2012 SAVAP International www.journals.savap.org.pk
www.savap.org.pk 20



ISSN-L: 2223-9553, ISSN: 2223-9944
Academic Research International Vol. 2, No. 3, May 2012

Vac Is
Generate Evaluation Of theoptimizat Best Individu
Initial "| The Objective ioncriterioni
Popultaion Function s reached?
A
A 4 A 4
1 Start ) NP 4 ( Result )
Selection
Rekombination
Generate of
New
Ponulations v
Mutation

Figure 2.The Cycle of Genetic Algorithm (Haupt, S.E., Haupt, Randy L, 2004)
Several steps should be taken in the Genetic Algorithmis:

Defines the Individuals

Individu represents one of the solutions of the problem to be solved. The number of genes is based on
the number of ships. Since there are 28 ships, the number of genes in each individual is created
chromosome 28 genes that contain numbers that put the ship at the base. Numbers 0 indicates no
vessel placement and number 1 stated there was a ship stationed at the base.

Individu
1. 2 3 4 5 6 7 8
0f4fofo]1]o]3]7,

Figure 3.Representation of Individual

28

0

[Sl=lels s els] 7] (5]
‘lﬂlﬂ@lﬂﬂlgﬂi—lﬂ
l p—
Figure 4. Representation of Genes and Chromosomes

Description:
= G1 ... G28 = Gen (Total Bases)
= 0 or 1 = allele (Number Ship, there were 27 boats)
. Chromosome 1..7 = combination of genes that form a certain value (Sector)
. Individual 1.2 ... = Formation placement of patrol boats
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Defining value fitness

An individual is evaluated based on a particular function as a measure of performance. In the natural
evolution, individuals of high fitness value will survive. At this optimization problem, if a solution is
sought is to maximize a function h (known as the maximization problem), then the fitness value used
is the value of the function h is:

Fitness = h 3.1

But if the problem is to minimize h, then the h function cannot be used. This is due to the rule that
individuals with high fitness values are better able to survive the next generation. Therefore, the
fitness value is used as follows:

. 1
Fitness = ™ 3.2)

That is, the smaller the value of h, the greater the value of fitness. But this would be a problem if the
bias h is 0, the resulting fitness value infinity. For that h need to be added a number that is considered
so small that the fitness value becomes:

Fitness = 3.3)

(h+a)
Where a is a number that is considered very small and varies according to the problem to be solved.

Patrol boats for the placement problem, there are two values that optimized the maximum coverage
area (C) and minimum operating cost (B). Because the genetic algorithm uses the logic of maximum
fitness value for the coverage area is defined as follows:

Fitness = C 3.4)

And for the operational cost as follows:

Fitness =

(3.5)

(B+a)
Initial population generation

Generating the initial population is randomly generating a number of individuals. Population size
depends on the problem to be solved and the type of operator to be used. Once the population size is
determined, then made the generation of initial population. Conditions that must be met to demonstrate
a solution must be fully considered in the generation of each individual.

The technique used in generating the initial population is random-walk by using some of the following
parameter:

1. Number of vessels assigned and ready to ship data
2. The number of bases to be used and the data base that is ready

The essence of how the random-walk was to involve random numbers for each gene according to the
chromosome representation is used.

IPOP = round{random (Nipop, Nits)} (3.6)
Description
IPOP is a gene that will contain random rounding of numbers generated as much
Nipop (Initial Population) X Nyis (number of genes in each chromosome).
Selection process

Selection is used to select which individuals will be selected for crossover and mutation. Selection is
used to obtain the best individual candidates, assuming that either parent will generate offspring that
well too.
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The selection process used in the assignment system and the placement of these patrol boats are:

1. Roulette Wheel, to select individuals based on the influence of fitness values. Individuals with
high fitness means an individual who will be more easily selected.

2. Rank, the process used to ensure no appearance of super-individuals who would undermine the
process of evolution so caught up in the local-optima.

3. Elitism, the process used to ensure the fitness of a generation is always better or at least the same
as the previous generation fitness by replacing worst individuals with the best individuals in
previous generations.

Crossover and Mutation

Crossover is a very important component in the genetic algorithm as a chromosome that leads to a
good solution to the derived from the process of moving the cross-two chromosomes. Crossover
process is determined by the probability of crossover, which means not all chromosome pairs have
Crossover.

Gene mutation is done by random mutation, by selecting one gene value <> 0 and is changed to 0,
then its value is placed in the gene that is 0. Mutation process is done by a specified mutation
probability.

RESULTS AND DISCUSSION
Data Collecting and Processing

The collection of data on research activities conducted in the Eastern Fleet Command RI include
Command and Control Center (PUSKODAL), Staff Operations (SOPs), Staff Logistics (SLOG), Staff
Planner (SRENA) and Patrol Unit (SATROL) who carry out security operations the sea. The data
obtained in the form of data that are qualitative and quantitative consisting of primary and secondary
data obtained by direct interviews with relevant agencies and also with a journal and keep the ship in
the field. Of SOPs and data obtained Armatim SATROL sector operations in eastern Indonesia and the
ability of patrol boats in the form of speed, endurance sailing and compatibility range radar and patrol
boats operating in the sector. Of SLOG and SRENA Armatim data obtained liquid logistics costs and
logistics personnel patrol boats.

This fitness value is used as a reference in achieving optimum value in the genetic algorithm. .
Because TSP aims to minimize the distance, then the fitness value is the inverse of the total distance of
the line obtained. How to do inverse can use the formula 1 / x or 100000-x, where x is the total
distance of the line obtained.

Data Types
Data Capabilities Patrol Boats

Data capabilities needed patrol boats in the study were included speed knots), endurance (days) and
the radar range (miles).

Ability coverage area coverage patrol boats

Patrol boats data can be used to calculate a range of capabilities and range of coverage area during a
patrol boat sailed carry out the operation. Patrol boats moving from one point to another during the
operation has a variable speed capability and the ability of radar coverage.

A range of patrol boats is the ability of the distance range patrol boats that sail for 1 day.
Coverage area is the area of the patrol boats that can covered patrol boats in the area of operation for 1
day sail. To calculate the distance and roaming wide range of patrol coverage per day for sailing ships
depicted in Figure 5 and defined as follows. :
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Figure 5. Wide range of coverage area patrol boat (Source: Okol Sri Suharyo, 2008)

Description

S = Distance cruising per day = Velocity x 24 hours = V x 24 (miles)
L1 = Area of rectangle = S x d (mil®)

L2 = The area of a circle = 7 * (mil?)

d = Range radar (miles)
Wide range patrol vessel coverage is the rectangular area (L1) coupled with an area of a circle (L2)
Area Coverage = (L1 + L2) x Probability of detection radar

=(L1+L2)x 0.9 (mil*)
KRI UntungSuropati (USP) with a velocity V = 14 knots, the radar range d = 48 miles, then:

S = Distance Cruising per day = 14 miles / hour x 24 hours = 336 miles
L1=Sxd=336x48 =16 128 mil

L2=3.14xr" =3.14 x 24 2 = 1809 mil*®
Coverage Area KRI USP = (L1 + L2)x 0.9 = (16,128 + 1,809) x 0.9 = 16 143 mil’ per day

77?
Operating Costs of Armatim Patrol Ship

Operating costs are defined as costs per day liquid logistics, logistics personnel and maintenance costs
for operating the ship. The use of liquid logistics include Fuel (BBM) Solar, Freshwater and
Lubricating oil. The use of logistics personnel include: Benefits screen, Lunch Money Operations and
Leadership allowances

Ship maintenance during operation is the cost of maintaining the ship for sailing carry out the
operation. There are 3 types of calculations carried out as follows:

1. Calculation of Liquid Logistics Use
a. Cost of fuel = fuel use per day x price of fuel = A ltr x IDR 4300
b. Freshwater cost (AT) = AT daily usage x price AT = B ltr x IDR 20
c. Lubricating oils (ML) = Use Price ML x ML per day = C Itr x IDR 14 850

2. Use of Logistics Personnel Calculation
a. Screen allowances; (IDR 5.000/hr/personnel) = IDR 5000 x Amount. Ship personnel
b. Lunch Money Operations; (IDR 15.000/hr/personnel) = IDR 15,000 x Qty. Ship personnel
c. Allowances Leader / Commander: (IDR 220 000/ E) = (IDR 220 000 / hr E)

3. Calculation of Ship Maintenance for sailing / Operations
Parchim class = (Rp 1.200.000/hr E)
Class = (IDR 1.500.000/hr E)
Class PC = (Rp 800.000/hr E)
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Process Optimization

In determining the model and optimization solution requires some parameters, the so-called parameter
here is the control parameter of GA , namely:

Population size (pop_size)
Probability of crossover (Pc)
Probability of mutation (Pm)

This parameter value is determined also by the problems to be solved. There are several
recommendations that could be used, among others:

For problems that have a large enough area of the solution, De Jong recommends to control parameter
values: (Pop_size = 50, Pc = 0.6, Pm = 0.001)

If the average fitness of each generation is used as an indicator, then Grefenstette recommends:
(Pop_size = 30, Pc = 0.95, Pm = 0.01)

When the fitness of the best individual is monitored at each generation, the proposal is: (Pop_size =
80, Pc = 0.45, Pm = 0.01)

Process optimization and visualization shown in Figure 6and 7 below:

OPTIMAS| PENEMPATAN KAPAL PATROLI MENGGUNAKAN ALGORITMA GENETIKA

DATABASE Coverhrea = 72061, FBiaya = 2715202000, Fitness = 2.654 A
2823 7 414 9 419162528 911 316 & 91625 525 4122619 9 28
Data KElpEl| Coverdrea = 71007, Biaya = 2651746000, Fithess = 2.6777
2026151417132 1926 5 4 7 2 6161210241919241628 717 514
Data Pangkalan Coverdrea = 72543, Biaya = 2707032000, Fitness = 2.6798
2622 2142813 6 6 924 12517271517 9162613 27 11 1 24 16 12 28
Coverhrea = 74967, Biaya = 2729718000, Fitness = 2,7463
Data Sektor 2828 151614 12119252414 9112715 26 10 24 12 13 2 16 28 24 19 9 28
! Coverhrea = §1660, Biaya = 2399812000, Fitness = 3.4028
Data Biaya Satuan S1512 7 72828 926 91116 3 125 512282618 4 5 91224 326
Coverhrea = 64833, Biaya = 2762312000, Fithess = 2,3471
Data Penugasan Kapal 2825 625271610 423 822 141127152616 16 1413 1727 52513 12 23
Coverdrea = 730501, Biaya = 2708735000, Fitness = 2.6969
810181625 12119202413 11 16 19 25 16 17 24 26 27 2 20 26 24 19 16 16
QPTIMASI Coverdrea = 75675, Biaya = 2611096000, Fitness = 2.8982
, 572 216 52122 31921 5 92427261917 82l 9 62826 3 9 8§
Jurnlh populasi | 80 || coverhres = 66416, Biays - 2661619000, Fitmess = 2.4953
; 25 4 11614101928 172414 911371526 92426 18201928 17 7 510
Jumign genera5| 100 Coverhrea = 73472, Biaya = 2677854000, Fitness = 2,7436
Prob. CrossOver (%) W 132724 5132710 220 5 9162725171020 71528 & 61223 915
. Coverhrea = 65405, Biaya = 2801274000, Fithess = 2,3348
Prob.Mutasi (%) | 10 || 25 1325 251628 6 422 514 5 8 517 6 dod 627 2 828 128 122
. Coverdrea = 67507, Biaya = 2684320000, Fitness = 2.5149
Populasi Awal 4201516141421 320241414112715 523241213 1627252419 9 28
. . Coverdrea = 77075, Blaya = 2557483000, Fitness = 3.0372
Proses Algoritma Genetika| || 19 16 1916 1927 918 7221325192611 8 6 9292311 32 £15 3 2
Coverhrea = 66566, Biaya = 2794867000, Fitness = 2,3817
Grafik Performansi Hasil optimal:
2325151614 12119252414 911271526 10 2412 13 2 16 28 24 19 9 28
Hasil Opﬂmagi Coverhrea = 81660, Biaya = 2399812000, Fitness = 3.4028
Luas jangkavan area = 34027.67

EXIT

Figure 6. Optimization process using GA
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Figure 7. Visualization of TNI AL ship assignment in each sector
Scenario of Experiment

For the determine the population size, probability of crossover (Pc) and probability of mutation (Pm)
refers to previous studies. Thus obtained two scenarios as follows:

a) The first scenario

Pc = 0.6, Pm = 0.001 size = 10-100 Pop-generation = 10,000

Pc = 0.45 Pm = 0.01 Pop-generation size = 10-100 = 10,000

Pc = 0.95 Pm = 0.01 Pop-generation size = 10-100 = 10,000

The experimental results of the first scenario can be seen in Tablel.below:

Table 1. Result of 1’s Scenario -the generation of 10,000

kg Kad et

N =01 P01 =001

Coverags Anead | Biaya Operasionsl 1 | NEaifitmess L | Coverage Area ) | Biaya Cperasional | Nia Fimess 2 | Coversgedria 3 | Biaya Operasional b | hilaiitness3
i 135 304300 B1055 1933 768 19 8000 £.463L L 204,638 00 3251
1 1831, 3043 504,000 6.2060 PRI 1044263000 £3786 1928583 1E53400 000 f.5E
il 1932814 2939462000 6.0 PRI 177,145,000 €580 1936263 2534228 000 fAIS
i 1921 80 L S0l LA 198447000 4768 P LRI £.4507
i 1935110 L0700 306 1,345,060 162,652 000 £513) L 2L e AN
il 190634 1521000 £33 LA 1 005,365,000 £ LsE0N 2AETdR30N0 f.483l
1 1903 360 3031500 A0 18 1197 433,000 43 LI TR0 £34T
i 199748 10395400 L 116,257 LJEAT 000 £57 L3R 2%0mem0 .40
i 190508 (  DORATOON  GGHO)  DSIDIC[  l8MAMO00 6207 LSS 2EROMO] A%
] 1930 2 906 97,000 a3l P 1)) L09 535000 £3434 1931963 231L 4700 £.240

b) Second scenarios

Pc = 0.6, Pm = 0.001 size = 10-100 Pop-generation = 5,000
Pc = 0.45 Pm = 0.01 Pop-generation size = 10-100 = 5,000
Pc = 0.95 Pm = 0.01 Pop-generation size = 10-100 = 5,000
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The experimental results of the second scenario can be seen in Table 4.5 below:

Table 4.5 Result of 2’s Scenario -the generation of 5000

Pr=0i =043 =045

! P =0,001 Pm=0,01 =01
Coverage Arza | | Bizye Operasionil 1 | Nia Fitness | | Coverage frea 2 | Biaya Operasional 1 | NI Ftness ) | CoverageArea 3 | Biaya Operasional 3 | Miifitness 3
i 1838034 3,048 03 000 8 L1827 05 L9123 060 414 1,932,309 330,744,000 BAALl)
] LT ST Wt I B | S 5 e 1 I Y -V 00% IV
il 1408 136 1507 308,000 €407 L350 2897 478000 54031 1538005 2,948,101,000 53801
d 1483 46 1, 536,507,000 63613 I RIIRLY 2853 407 000 85570 15E 48 2913 948,000 §.36LY
il 1425 108 1 541,300,000 6.260 1501 653 E A8 034 060 84135 153,170 2895 431,000 5A4TH
fil 1421 581 1,534,243,000 63712 PRIEREE) 2812 035,000 §.2301 174l 2043 443 000 53045
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Comparison of Experimental Results From Two Scenarios

From the above experimental results by using multiple input parameter optimization results obtained
are as follows:

1. The first scenario:

Experiment with population size = 10-100, Pc = 0.6, Pm = 0.001, L = 10,000
a. Coverage Area = 1942.929 Mil®

b. Operating Costs = IDR 2.853.447.000

c. Fitness value = 6.6330

Experiment with population size = 10-100, Pc = 0.45, Pm = 0.01, L = 10,000
a. Coverage Area = 1,944,318 Mil?

b. Operating Costs = IDR. 2.877.149.000

c. Fitness value = 6.5814

Experiment with population size = 10-100, Pc = 0.95, Pm = 0.01, L = 10,000
a. Coverage Area = 1,928,553 Mil*

b. Operating Costs = IDR. 2.853.487.000

c. Fitness value = 6.5824

2. The second scenario

Experiment with population size = 10-100, Pc = 0.6, Pm = 0.001, L = 5000
a. Coverage Area = 1913.774 Mil®

b. Operating Costs = IDR. 2.853.432.000

c. Fitness value = 6.5405

Experiment with population size = 10-100, Pc = 0.45, Pm = 0.01, L = 5000
a. Coverage Area = 1,934,224 Mil?

b. Operating Costs = IDR. 2. 897.534.000

c. Fitness value = 6.4985
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Experiment with population size = 10-100, Pc = 0.95, Pm = 0.01, L = 5000
a. Coverage Area =1,935,170 Mil?

b. Operating Costs = IDR. 2.899.431.000

c. Fitness value = 6.4974
Verification of Optimization Results

Verification of model results of the experiment aimed to check whether the model obtained from the
optimization calculations are in accordance with the conditions on the ground, but it also as a
comparison between the optimum conditions obtained from the model calculations with the real
condition.

The verification results of the second scenario can be seen in Figure 4.4, 4.5 and 4.6 below:
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Figure 4.4 Result of Verification for 1’s Experiment
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Figure 4.5 Result of Verification for 2°d Experiment
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Figure 4.6 Result of Verification for 3°d Experiment

Based on data from field data that the eastern region comprising of 7 sectors has a total land area of
about 1,688,765 Mil® be secured with a cost of IDR. 5.000.000.000, - while the optimization results
generated from multiple experiments by using the GA a more optimum results obtained with several
variations of input to get excellent results with the target area of coverage area of 1,942,929 Mil* only
cost IDR. 2,853,447,000.

CONCLUSION

From a series of data processing and analysis carried out in the research / thesis can be drawn some
conclusions as follows:

a. Results of optimization with the parameter number of 10000 generations, the population 10-100,
the probability of mutation 0.1% and probability of crossover 60%. The results show the effect of
running the program on population size to changes in the value of fitness. So we get coverage area
1,942,929 Mil?, operating costs IDR 2,853,447,000 and the value of fitness 0.6633.

b. Results of optimization with the parameter number of 5000 generations, the population of 10-100,
the probability of mutation 0.1% and probability of crossover 60%. The results show the effect of
running the program on population size to changes in the value of fitness. So we get coverage area
1,913,774 Mil>, operating costs IDR 2,853,432,000 and the value of fitness 0.65405.

c. From the results of several experiments using GA selected results using the parameter generation
is between 10,000 and 500, the population was selected among 10-100, probability of mutation
0.1% and probability of crossover 60%

d. With a lot of the GA method proposed solution for the placement of the patrol fleet to every
sector with respect to coverage area and operating costs.

RECOMMENDATIONS

The author recommends the development of this system in order to meet the needs of TNI-AL in
particular ARMATIM are:

1. Provide additional input parameters such as (weather, waves, sector vulnerability, and weapons)
in the placement optimization process using a fleet of patrol boats that approached the Genetic
Algorithm actual field conditions.

2. Genetic Algorithm method could be developed to problems else in the world of marine and
shipbuilding, for example, to determine the shortest route, the placement of containers of goods,
and can also be combined with other methods to control the field.

3. Adding visualization assignment operations sector by providing on the size and a limit extent of
the sector.
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